BRU AV TFry—dHERHVWESE - BRI RAXAAL D
T—Rty N XD

AR OHERLT

S Tl

THRERYE KA LR ER T 113-8656 BUGTAR SUR XA 7-3-1
71 ALER Y KEBEHEIASEE T 060-0814 AvigEALIR M ALX Ik 14 5759 TH
E-mail: msuzuki@g.ecc.u-tokyo.ac.jp, {{sakaji @ist.hokudai.ac.jp

HHEL AWIETIE, BRYVA Yy F¥r—HHEEHWT, 2tV F XUV oMEEDL 3OO - BIFE R XA DX
HRZAZIZHINT AR T— X2ty VRT3, BXUrvFry—dameld, NEFPIEANBEL, HROREH

Wiz RH IR T 2 2D OEELR T —X Y —AThH 3. HHARNHEINZAEMERE L HETHE -

NET 270D 7

L—2LTU— %R TZILT, WOTHRITIDXAIZTF—Xty NeRHATE2X51Tk5.
F—U—F F—&ty b, HARE XHE SBTFAA=0

EWS: the Economic Watcher Survey Datasets and Tasks
for the Financial and Economic Domain

Masahiro SUZUKI' and Hiroki SAKAJIT

1 School of Engineering, The University of Tokyo 7-3-1 Hongo, Bunkyo, Tokyo, 113-8656 Japan

11 Faculty of Information Science and Technology, Hokkaido University Kita 14, Nishi 9, Kita-ku, Sapporo,
Hokkaido, 060-0814, Japan
E-mail: tmsuzuki@g.ecc.u-tokyo.ac.jp, T{sakaji @ist.hokudai.ac.jp

Abstract

We construct a large dataset corresponding to three financial and economic domain text classification tasks, includ-

ing sentiment analysis, using the Economy Watchers Survey. The Economy Watchers Survey is a crucial data source released

monthly by the Cabinet Office to swiftly grasp the economic situation in Japan. We ensure that the latest task datasets are

always available by building a framework to automatically integrate and release the monthly survey results.

Key words Dataset, Japanese, Sentence Classification, Financial Text Mining

1. I LC®IC

ChatGPT %° GPT-4 213U ® & § 2 KHIBIFFEE 71 (LLMs)
M, BRSHEAHD X 2 7 TEWHERER L T3, LLM O
EAE— R F XA ice ¥ ES T, BEFEvEE, SRy
HMWIR R XA DR D 2 RETWS [1],[2].

WRDT7 74 v F2a—= 0 BTN, LLM 1387 2%
B%FFo>TW3. LLM I zero-/few-shot TR R 7 Zfiii= D,
RIS TEMICEZ D e TEZRY, ke BizsE
FODEEERT [3],[4]. EREREFTLVERRZD, BHOF
FEREM R XA VIOV TRANCEE LR v d, HBOEE
R VE1IDDETNMCE o TEWHRETR A7 2R Z
EHHBEL o T WD, BRIR XA Y I2BWVWTD, LLM 2849

BWY Y IAETBERT REDIERD 7 7 4 Y Fa—=V %
MR T2ETNVEFEEOWHRERET I RY, SVEEELR
LTW53 [5].

ek Biz 2B RO LLM 23T 2729012, WL Oh
DRRATRL TV =LV —IPRRBINTVWDED, EFYR XAV
RUGELN D EFBICOVWTEREART I TH S, HlZIE, HFE
DOPH K X4 2128V TIE language model evaluation harness [6]
X° LLM Leaderboard #V 72 &', (D 2 2 7 % FIFHCHEET % %
TV—LT—IPFETS. FLHEBOFMEAAL ITBWVWT
HIEFE R XL VDNV F~v—2TH5 LegalBench [7] B B
A4 YDRAT %HEDT- FinBen [8] 7= ¥ DEEfHAIHEA TV .
PFELAN D ZFEICBIT 2HM R X A VIZOWT HHERITED 5

T BEEE

(7E1) : https://huggingface.co/spaces/open-11lm-1leaderboard/open_11m_

leaderboard



NTVBEHDD[9],[10], BIEFZ R BEAELTHI VR
5. FC, FEFELIANDEM R XA 2T LLM Z7HliT 3 720D
F—&ty ML, ZOHEMEPS, T—XEy bV UK
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PRI DFBAD 5 k0. 2EFOFNL, HIWEH2BES 2
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JeATE 296,143
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O 120,556 8,863 8,849
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x5 HEOMHADOREE R D F RV
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KEBOE) = 58,730 3,620 3,663
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Hyper-parameter Values
‘Warmup Ratio 0.1
Learning Rates {le-5, 2e-5, 5e-5, le-4}
Batch Size 32, 64
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FinBERT 81.2 524 55.1
DeBERTaV2 81.3 53.8 55.0
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