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The applicability of Large Language Model(LLM) techniques to legacy

information retrieval systems such as OPAC

WATARU, ONO-®)

Abstract: This paper shows that with advances in large language model (LLM) techniques such as GPT,
they can be applied to legacy retrieval systems such as the Library’s Online Public Access Catalogue
(OPAC) for the following tasks: generating search questions, transforming them into search query, se-
mantically aware retrieval, search results and evaluating their suitability. It was shown that it could be
applied to each of the search processes. It was also investigated that the OPAC itself can serve as an
information infrastructure for LLM.
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