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Model Ave. chabsa cma basics cpa_audit fp2 security_sales_1
openai/gpt-4-32k 66.27 93.16 81.58 37.44  50.74 68.42
openai/gpt-4 66.07 93.20 78.95 37.69  50.32 70.18
openai/gpt-4-turbo 64.59 92.86 76.32 36.18  50.95 66.67
openai/gpt-35-turbo 50.27 89.98 52.63 18.09  29.26 61.40
meta-1lama/Llama-2-70b-hf 50.21 89.37 57.89 20.85  30.32 52.63
meta-llama/Llama-2-70b-chat-hf 49.53 90.29 52.63 18.84  28.00 57.89
Xwin-LM/Xwin-LM-13B-V0.2 47.53 88.11 52.63 22.11  25.68 49.12
meta-llama/Llama-2-13b-chat-hf 46.98 87.95 52.63 19.60  27.37 47.37
elyza/ELYZA-japanese-Llama-2-7b-fast 46.04 82.52 44.74 17.84  30.74 54.39
Imsys/vicuna-13b-v1.5-16k 4557 85.81 52.63 19.10  28.21 42.11
mosaicml/mpt-30b-instruct 45.18 83.27 42.11 2136  26.53 52.63
meta-1lama/l.lama-2-7b-chat-hf 44.86 83.70 39.47 2035  29.89 50.88
1Im-jp/llm-jp-13b-instruct-full-jaster-v1.0 44.66 85.91 39.47 20.10  26.95 50.88
meta-llama/Llama-2-13b-hf 44.19 82.04 36.84 20.85  30.32 50.88
rinna/youri-7b-instruction 43.84 86.88 34.21 21.61  27.37 49.12
1lm-jp/Ilm-jp-13b-instruct-full-dolly-oasst-v1.0 4376 83.23 39.47 19.60  27.37 49.12
rinna/youri-7b-chat 43.67 86.67 36.84 19.60  26.11 49.12
cyberagent/calm2-7b-chat 43.67 81.09 36.84 18.09  29.68 52.63
1Im-jp/llm-jp-13b-instruct-full-jaster-dolly-oasst-v1.0 ~ 43.60 86.83 39.47 18.59  24.00 49.12
Imsys/vicuna-33b-v1.3 4344 87.81 34.21 19.60 28.21 47.37
Imsys/vicuna-7b-v1.5-16k 4321 84.78 39.47 19.60 24.84 47.37
mosaicml/mpt-30b-chat 43.10 86.40 39.47 2136 2442 43.86
elyza/ELYZA-japanese-Llama-2-7b 4299 83.48 42.11 19.60  25.89 43.86
pfnet/plamo-13b 42.87 76.97 39.47 21.61  27.16 49.12
mosaicml/mpt-30b 42.80 83.44 36.84 19.60  26.74 47.37
stabilityai/japanese-stablelm-base-alpha-7b 4273 78.74 34.21 19.10 30.74 50.88
Xwin-LM/Xwin-LM-7B-V0.2 42.73  82.79 42.11 19.85  25.05 43.86
1Im-jp/llm-jp-13b-v1.0 4239 81.24 39.47 19.10  26.53 45.61
cyberagent/calm2-7b 41.96 80.02 42.11 17.84 2421 45.61
rinna/japanese-gpt-neox-3.6b-instruction-ppo 41.89 74.71 44.74 20.60  23.79 45.61
rinna/youri-7b 41.84 173.60 34.21 19.10  29.68 52.63
elyza/ELYZA-japanese-Llama-2-7b-fast-instruct 41.59 82.53 39.47 20.10  25.47 40.35
stabilityai/japanese-stablelm-instruct-alpha-7b 4143 78.94 34.21 19.35  23.79 50.88
stabilityai/japanese-stablelm-instruct-alpha-7b-v2 41.36 78.62 34.21 19.10  24.00 50.88
pfnet/plamo-13b-instruct 41.13 77.33 39.47 2111 27.37 40.35
rinna/japanese-gpt-neox-3.6b-instruction-sft-v2 41.03 75.36 39.47 19.10  27.37 43.86
meta-1lama/L.lama-2-7b-hf 40.99 7741 39.47 18.59  27.37 42.11
rinna/bilingual-gpt-neox-4b-instruction-ppo 40.71 78.38 31.58 20.60  27.37 45.61
rinna/bilingual-gpt-neox-4b-instruction-sft 40.31 78.23 34.21 19.35  25.89 43.86
1Im-jp/llm-jp-1.3b-v1.0 39.70 75.48 36.84 19.85 2421 42.11
elyza/ELYZA-japanese-Llama-2-7b-instruct 39.65 85.71 39.47 18.59  24.63 29.82
rinna/japanese-gpt-neox-3.6b 39.33 53.75 39.47 22.11 2695 54.39
line-corporation/japanese-large-lm-3.6b 39.06 65.01 34.21 20.85  26.11 49.12
line-corporation/japanese-large-lm-1.7b 39.06 54.30 42.11 19.60 28.42 50.88
pfnet/plamo-13b-instruct-nc 39.03 73.58 39.47 20.60 24.63 36.84
rinna/japanese-gpt-neox-3.6b-instruction-sft 38.92 73.21 42.11 19.35 24.84 35.09
matsuo-lab/weblab-10b 37.73 76.84 3421 21.11  23.16 33.33
openai/text-davinci-003 37.68 53.92 44.74 17.59  26.53 45.61
cyberagent/open-calm-7b 37.67 62.89 34.21 20.35  25.26 45.61
line-corporation/japanese-large-lm-3.6b-instruction-sft 37.00 59.79 36.84 21.61 24.63 42.11
rinna/bilingual-gpt-neox-4b 36.80 60.51 3421 19.60  27.58 42.11
cyberagent/open-calm-3b 36.14 56.06 36.84 19.60 26.11 42.11
cyberagent/open-calm-small 36.06 50.28 34.21 19.10  27.58 49.12
cyberagent/open-calm-medium 35.85 5240 39.47 20.35 23.16 43.86
abeja/gpt-neox-japanese-2.7b 35.63 49.67 39.47 20.10  25.05 43.86
line-corporation/japanese-large-Im-1.7b-instruction-sft 35.25 55.22 39.47 18.34  24.63 38.60
cyberagent/open-calm-large 34.60 51.68 34.21 20.10  23.16 43.86
cyberagent/open-calm-1b 3448 56.86 31.58 17.84  24.00 42.11
RN 30.68 49.15 25.00 1698  25.00 37.28
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