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Evaluating GPT in Japanese Bar Examination: Insights and Limitations
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Abstract

Large-scale language models like ChatGPT have been
reported to exceed the accuracy of human experts in a
wide range of tasks. Recent research reports that ChatGPT
passed the Japanese National Medical Examination, con-
firming its high performance in Japanese. We evaluated the
accuracy of GPT-3, GPT-4, and ChatGPT in the Japanese
Bar Examination (the multiple-choice format section), fo-
cusing on Constitutional Law, Civil Law, and Criminal
Law over the past five years. The results revealed that the
current correct answer rate for these exams is only 30-40%
(compared to the average pass rate of 70%), which is sig-
nificantly low. This study went beyond just the correct
answer rate, dissecting the necessary reasoning and knowl-
edge for the responses, and examining the performance of
large-scale language models from each perspective. The
findings show that 1) large-scale language models possess
extensive knowledge of many statutes, 2) they have a high
correct answer rate for questions that require understand-
ing of legal theories but not specific knowledge of law, and
3) they have a low correct answer rate for questions requir-
ing knowledge of case law. The primary reason for their
lower performance compared to the American Bar Exam-
ination is thought to be a lack of knowledge in Japanese
law, especially in case law.

Keywords: Natural Language Processing, Large Lan-
guage Models, Bar Examinations
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