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In contrast to conventional quantitative citation analysis, a method called citation context analysis
has been proposed that takes into account the contextual information of individual citations. Although
citation context analysis is expected to provide complementary findings to citation analysis, it requires
the creation of a large dataset through annotation work, which is costly.

On the other hand, some attempts have been made to have LLM (Large Language Model), which is
rapidly becoming popular these days, do the annotation work. However, most of these previous studies
were conducted on general texts, and it is not necessarily clear how well they perform when applied to
texts with special vocabulary and formatting, such as research papers. This study aims to explore the
applicability of LLM to citation context analysis by referring to a publicly available citation context
analysis dataset and a manual for the annotation work used to create it. More specifically, we will
examine the following issues: 1. Whether LLM can replace humans for annotation tasks in citation
context analysis? 2. How can LLM be effectively utilized in citation context analysis?

The results show that LLM annotation performance is comparable to or better than human annotation
in terms of consistency, but not in terms of accuracy. However, the accuracy of LLM annotation is
not as high as that of human annotation. Therefore, it is not appropriate at this time to have LLM
immediately replace human annotators in citation context analysis. However, if it is difficult to prepare
a sufficient number of human annotators, it is possible to use LLM as one of the annotators. This
study provides the above basic findings that are important for the future development of citation context

analysis.
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-~ Prompt (Purpose, Simple, English.): ~

Classify the type of purpose for which the author of the following text
is citing the target.

The type of citation purpose category is Background, Comparison,
Criticize, Evidence, or Use.

The label of the target literature is Target: onwards, up to a new
line. The thesis is the text after Text:.

Just report the classification result.
Target: {9t R A5 BAXED NI}
Text:

[T R € 72 %X E (Paragraph)}
\ J

1 Prompt D

T, HOBEDAZ SRS Y INEAAZ—rDFa > 7 b (Simple, ENSimple, EN) %#/R3,
m 3 ARBICHEIIZ IOV T hoNE—>

SIHEEDOLF VD F LD = a7 VICEENIERDS, EANIISIHENOEE L FAKETH
5, 12120, SIREIEDGER Y 77— a YOFIECET 2R84V, 22T, 5IHRE
OFvy7 T, EARNRIERCMAT, 1. [HOMEDA (Simple), 2. fHOFEHE - HDE
(Basic), 3. fHOFEE - HDOEFE « ¥ —7 — Fefilx (Ful), OZNENEEA 3 X —=ITD
WT, TNENHAGEL BFETRIL LB 6 X =V ERE Lz, DEDSBEIRNTOEREE
P& — (Full) BILCTHY O F LD =a 7 L ERINETH 25, 5IHENDIGE LRI L,
FVIFNADY=aT7NVCEENSE T/ T — a OHBNCERER LR WIERICOWTIZERS
L7,

3.4 FHESIR

LIM 2k 37 77— a YAEEDOMRER F]0 L 7267058 T, 1. TR Ro—BMEAS M
(Consistency/Reliability), 2. fEEMERDIEER, O 2 DOBAOWVWT LI X DFHTiATTHN S 2
EHZWN, AHIFIICBVTH ZD 2 DDBAICE D, LLM I & 3 5SRO O 7 — X e 1ESE
IS %, BEICOWVWTIX, [NM23] 2 ET—&Z & LTHWS,

F72, WTNOBRIRBOWTHEMDIEEREZ L V1G5, AWETE, FiFZOVWTEa—&—/”
D Hfi—FFH ¢ Cohen’s Kappa, BREFICOWTIER 2 IR Tk A RIBIE (IEMRER (Accuracy), ik
£ (Specificity), F5FE (Precision), FEIR¥% (Recall)) %@ 2,



Predict

TP + TN
A = TN T

.g True False

‘E LU AR R satis Precision = —TP Recall = —TP
] & (TP) (FN) TP + FP TP + FN
L~
3 .g False True TN

5 Positive Negative Specificity = ———

2 IEERCHETZERT

¥F, 75— arvF—RONHER2 NSRS ITRT,

x2 SIHAPEOI

cite_pattern Cnt Pct
NS-NS 32 17.7%
NS-SSH 71 39.2%
SSH-NS 41 22.7%
SSH-SSH 37 20.4%
Sum 181 100.0%

%3 SDGs O4iff

SDGs Cnt Pct
SDG7 130 71.8%
SDG13 51 28.2%
Sum 181 100.0%

#4 FIHENDI

Purpose Cnt Pct
Background 128 70.7%
Comparison 2 1.1%
Criticize 12 6.6%
Evidence 30 16.6%
Use 9 5.0%
Sum 181 100.0%

N— R ¥ 72 % 3HR [Nis23] TlE, BARE (NS) & AS2Ht2 (SSH) o o5 | FdER 2 i3 5 72
», SDGs D7 ¥ 13 L WVWIERRZ 20D FT—<ERRITHFLTWVWS,



x5 SIHEEDOD

Sentiment Cnt Pct
Positive 32 17.7%
Neutral 121 66.9%
Negative 28 15.5%
Sum 181 100.0%

K2%AH2e, SEHOFHAICHE UL 181 ffo7—%H, NS & SSH O BfFRIcoWTIX
NS-SSH (HARKEN AR ZGIHAT 208 =) 2320d 00, HMNIEES 73V DR
BZA5TEDNT VADRW,

£3%ADE, T—<IOVWTIESDGT M 7T HI LR 23H 5,

ST BN R CEIEICOWTIE, BRI OETHNR 2,

42 —BH

EEMERO—BEM WO BlAD» S, £3, AL LLM Z02hO/EEMR % KT 5, LLM
WZUE, JEATHIZE [Nis23) IZBW T I~ =2 7L 2 RIERNAED 7 > 7+ (Full, EN) %
5z, BlfFoer—2%20Re LT, sIHENGIRAKREZAZCOWT 2RI ) 7= a >
BITO¥, £61%, JBATHZE [Nis23] IZBWT 28D 7 ) 7 — R —PHWICHILICIEE L 72
M UTFa2xHyay) i) OfRE LLMIZX 2 2 BOEERRELICOWT, 2heh—KEL
Cohen’s Kappa Z/R L TW 5, IHEEGIHEBVTUIBENTS, LLM 055 —EErREsn
Wz b,

#6 LTI (AR ¥ LLM o—HE ML

E1pz =] 5| ARIE
FATHRZE* GPT| SEiTHAZE* GPT
B—%E (%) 71.8% 90.1% 75.7% 91.2%
Cohen's Kappa 0.29 0.77 0.45 0.72
* [Nis23]

Rz, HiEE 7Y a vy TlRREL2EEO AR —>DFay 7 M2k 3 LLM OfEEERo—E M
D EITS, FIHEMNICOVWTIEE 8 $Z—, FIHBFEICOWTRERE6 XZ—vD Ty
FEHWT, fEERREZZ22 181 DT —RICOWTLLMIZ2[ETDO7 /) T— a >y &{Th
Bz, £7TE, 5IHEMIZOWT, £70 0 MBI ERB B L RD - =08, —8CR,
Cohen’s Kappa Z/RL T\ 5,

RT2ADL, FIHEMCOVTIEERDOEOREE - fHOER - 7/ 7—> a YOFIEE 52
7=7a > 7+ (Precise, EN) IZBWTHRS —EHNEL, 1B 2EETHRENERZ D DI
t (4.4%), —BHEZHEOLDH95.6% THolz, md—HEDK VDX, FFEOY Y ST n
> 7k (Simple, EN) T/ 2 3 D23 30 #f (33.1%), —EMiZ 66.9% TH o7z, R NREX—2LHND



x7 SIHENO 0> 7 Fjl—EE

Level of Order LN Cnt Agreement Kappa
Simple (IP) 37 79.6 0.58
Simple (EN) 60 66.9 0.40
Basic (3JP) 20 89.0 0.74
Basic (EN) 17 90.6 0.80
Precise (3P) 21 88.4 0.71
Precise (EN) 8 95.6 0.86
Full (IP) 17 90.6 0.81
Full (EN) 18 90.1 0.77

(N=181)

Tary 7 X, NEOa—X—-12&k3 (F4 AH vy ariin) —EEE ERl->Tw3, AEHD
=27V TH S, HOME - HOER -7 /7 —>aYOFE - x—v— R efilszosx
TOEZEZEL 7Y 7 (Full) TE2Z-> T—HMEMETLTED, 43 LbiroEAkiC
TR%E 5 2 21 ECREEN LD 2 DT TR0 sUERZE D,

£ 813, FIARBICBIAR oy Fro—EHERZ DTV,

x8 SIHRED v 7 Fyl—EME

Level of Order LN Cnt Agreement Kappa
Simple (3P) 1 99.4 0.91
Simple (EN) 3 98.3 0.79
Precise (JIP) 7 96.1 0.65
Precise (EN) 9 95.0 0.77
Full (3P) 7 96.1 0.80
Full (EN) 16 91.2 0.72

(N=181)

£ 8%k AD L, SHDTOHF TIXHAGB CHANRIER HEOMBEDAL G0y T b
(Simple) BV THRD —EMEXEL, 1 HEHE 2B ETHEENEL 2 DI 14 (0.6%), —EHE
ZHREOB DD 99.4% TH o7z, fd —HUEMRODIZX, FEOFHM~ =2 7 VIHIRZENIT =T
o>y 7t (Full) TEZ2HD75 16 1 (8.8%), —HMEIX 91.2% TH o7z WFIDRE—2 D,
N2k 2 (F4 2By avEin) —8HEE ERl->TW3, BEERZTICERT 22, ErEi
M- BT 2138 —EBEME T LTV, £, Y 7uikdboo—EBErauwsids I HEN
YIFREL BB b DO THEREN,

4.3 1EEXR

TEEMROEBFRE WS BlEn S, 3, NHMEAKRDOIETRES X HED LLM I X % E3ER
ROIEERR A5, 5IHENFIHBEZ 2SOV T, IS [Nis23] iICB W TR X7z
Y27V eRNBEDOTa Y T e 5 X550 LLM I X 2 EEMSROIEMHE (Accuracy) % #



Nz 24, 5IHEMZ61.3 %, 5IHKIEX 646 % THo72, BB, —HETHLZXSICLLM
WKIRERX =07 ay T M2 EITOEREZITOETVWSS, 2 TRYIEORITHREZE D D
7z,

iz, sIHENESIHBREZNZUCOVWT, &b —EBUERIEr o2 FZ—rD Ty Mok
LIEEMROIEERE A5, 5IHENOSGE, REROMEOMEE - HOER -7/ 77— a v OF
6% 5% 7= 7 v > 7+ (Precise, EN) O—EMWh Kb Eh o/, ZOX—I2k2 1 BIED
EREMER E BT — X DBRER I ICE L O,

#9 FIHHM  #HEERR L O—BE

Predict

Purpose| BKG CMP CRT EVS Use SUM

Background (BKG)| 107 2 3 16 0 128

- Comparison (CMP) 1 (] 0] 1 0 2
2 Criticize (CRT)| 11 0 0 1 0 12
2 Evidence (Evs)| 22 2 o6 o 30
Use 7 0 0 2 0 9

suM| 148 4 3 26 @ 181

£9%2ADZ L, BIZIZIEMRH [H5 (BKG: Background) | D355 12 LLM S1E L < BKG & #5E
TE 7% D (True Positive) 1% 107 2 Z e h33 0%, — T, TR (EVS:Evidence)) &H#EE L
72bDDIELKIEBKG TH2HDIX 16, BKG LHE LD DD EVS THo7d DI 22 D
Y, IET—X2 e OHED RoNb, £z, TH#E (CMP:Comparison) | [itFF (CRT:Criticize) |
IFIH (Use)) 1FTTABEDDRWVETH 2 213V R, 1 HDBIELLHEETETOERY,

FR, sIHREOGG R —BEOED o L HEROEOEEO AR 5277w Y 7 b
(Simple, EN) 12 &% 1 B HOEEER BT — X OBBRER 10 12F D7z,

K10 SIHRE @ HEERRE 0—BUE

Predict
Sentiment PG NT NG SUM
- Positive (PG) 3 29 0] 32
% Neutral (NT) 1 120 0 121
< Negative (NG) 0 24 4 28
sum| 4 173 4 181

£10 %245k, FIZIZEMD THIZ (NT: Neutral)| T, IEL L NT 2H#EETE23 DI 120
WdHzdZehaghd, —HT, NT e#ELEZHDD, EER (PG: Positive) ] TH o725 D 24 1
REMEDHOLNS,

INETE—2D7B Y ML S 1 HEHOEERMRDOIEEFRIIOVWTATE 2, 5T, AR
MW7 7= ayEfToEa1lE, RN K AEEMREEME - AR T L2 TIEMT— 2%
ER T2 Z e %0, 22T, 5IHENEIRAREZ M ZHUCOVWTRE L SHEED T v 7
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MZE2 2EFTODEEBERICOVTZEIREINS Z TLLM I K 2MEREF LD, TR
EfRT— 2 O ZIT o7z, £ 1113, 5IHEHMCOWT, LLMIZ X 2/EERMR BT — X &
DB EZELDHDTH B,

K11 SIHERN  #EERR 0—BE (ZRBHRD)

Predict

Purpose| BKG CMP CRT EVS Use SUM

Background (BKG)| 103 1 2 21 1 128

~ Comparison (CMP) 1 (] 0] 1 2
2 Criticize (CRT) 11 0 (¢] 1 0 12
< Evidence (EVS)| 15 1 © 13 1 30
Use 6 0] 0 3 (0] 9

sum 136 2 2 38 3 181

% 11 TIX EVS O IEBBRRMZ TIEWVW3 DD, £ 9 OFEHE & AN ZIE/IIZ(LEL, £9
DREEMIMD Ta > 7 b HWGE L IR TE LS BETH 2 REHEE I VW ¥ 2R
LTW3,

RIS, & 12 TlX, 5IHBHICOWTZEIRICE D —DIED T2 LLM OIEERMER & 1T —
2 DBRZERT,

K12 SRR @ #HEERR e 0—BUE (RO

Predict
Sentiment PG NT NG SUM
~ Positive (PG) 3 29 0 32
é Neutral (NT) 1119 1 121
< Negative (NG) 0 23 5 28
sum| 4 171 6 181

£ 12 &K 10 OFR CEMNIFIFENEL, HERMRPHEN AR FTH B Z e HIRR S
N5,

4.4 REBERDER

EERORER, LLM IZ—EH 2 WO BE2 5@ AME ER2 00, [EER, KR Accuracy &\
BRI HIEEVHED T — X ZETETWVWA L IEFEVHWZ e[z 5, R, 11 BEXUR
10, 2 DFEREH2 Y, LB I IRATLRRIBPREVEEFVZ, RLTO EHETET
W2 DI TRV, BlZIE, SIHEMCOWTRI D55 BKG LHEE L2 D 148 i, EEE
IZ BKG TH -7z DIiF 107 T 72.3%, TLDITTHD 55 BKG DEIED 70.7% THoleZ %
FEZ25L, HFEZFTICHICBKG LHEUE LGB ICHANTHER 1.6% TH S, BKG L H#HEE L7
3, FEFR2IE BKG Tlded - 72 % O (False Positive), BKG LD 27 5 2 ZHEE LT=53, FEEI2IZ
BKG 725 72% @ (False Negative), W5 —EBIFEL TVWSHOHABEFHETH 5.
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SIAEIEICOVWTIE, 10Z2R 2L PG HELDDIFET, EEICH PG TH - T, False
Negative 3DV E WS BETII LSHETETWS, 7271, 208 PG £ 28 thhod 4 1
THoTELIFRV, NG BIRIZFARTH 5, K% HDH S NT IZDOWTIENT HE L 173 1
H120 PEASSERRIC NT 7228, i1 2 FITHIC NT 2 H#EE L2 AICHARNT®HER 1.5% TH 3,
3 HIFEFEIX PG/NG OFHIETH 2 Z L ICDHELINLETH %,

PG/NT & OHIEDPH G EEHERBREEFE L2 LT, 20HEE /181 HFTHY, 2815
EZDLHEOHPETH S, TRLIND T — A TRERWICHEEEESBETERWD, AFIZ
FZ2RELIETIoNRVWEEZLNS,

5T, —EKELEO—EUEZB LRSS, POEFRIIEN L VI AEBOREZ, LLM
PANEOBTT®F R0 R OEFIEWYEHZ e E2RLTWEEdEZILNS, ZIT,
LM MEZIEL K HEETE R oD, A L IFEEEIOFITH CEEL —H LR o7Fr — R
WZOWT, BARIICHEEEDNRE 22T XA M ERMHERT 228 T, LLMICX 37 F 2 DfE
FROM:F5 %2 HER - WRET L 7o

METORR, LLM 25385 %E L B—BEOBRWHEERITS 7F X T, XRE %245 Him
X ZDREMDE Y7 Y ZADOBFROBIHRIITREN TRV R E N, HIZIX T T
¥ Z b [BPZH19] p.207 ¥ Ci&, LLM & MEH] (CRT)) & #HEL TV DI LT, EffE MEE
(BKG)] T» 5%,

(...) This use of technical devices in an attempt to suppress political debates has been widely
documented elsewhere (e.g. Latour, 2004 ; Lupton and Mather, 1997 ). At an extreme this use

of GIS and mapping reinforces and aggravates existing divides and inequalities.

DY E, HEPITHRERDIWEIHGR [LMIT] BEENTWE LY TV AR ZDERIIKS LY
7Y A, THEHD ofIEoBR#Mle 7k b 15 % 5E (widely, reinforces and aggravates existing divides
and inequalities) N EZENTWVW5S, LoL, ZhHDEY T Y AT CRT DMRE B ->TWBDIEY
W5 |G TIE72 {, “this use of technical devices/GIS and mapping” TH %, 2% bh, ZIT
WBEIRMXOMA T —~<ICHT 2 ERERE RS DI HEZOBG R ERLTWE EEZ S
N2Ze»s, BKGAIEMRLZ->TWd, THARAMTHIUILBWAEZICHMTE2b0TH
27, W5 e FHD 7 ¥ 2 b e OBEFBHBIIRIICEE L L TRENA TV L DI TE RN L
5, LLM ZIZHWsR#ETH -7 BZ 6N D, L, &S L EZEEDA—EFDHIIE,
HEHHZHER T 5 2 e AWHER 7 — 2B EEENTED, LD AR -V IZ X > TIRTER
AT Z 20 TIiERW,

PEXD, LIMIZE27 /) 7—> a MERBEMRT — X L DK - —BOBR» LR D
DTHZ, LIMIZED7 /7 — a MR e ZD X E0MTHMA ST 5 2 2 iT3RED D
WA b, 2% D, SIHMIRDHICENTHRD LLM 2 A0 7 7/ 7—2 -0 LTHH
TEHZEIIRNETHZ ZePHLLE RS T,

4 SDG13 1231F 5 NS-SSH D3|~ 7 (B/f0083) TH 5,

12



5 LLM OFBEEDIEST
51 ABOF—Z{ERDHHEN

INETE, ANEHDOY =27 L% N—22 LLM IZfERE 5 X 720 i W ERE % i
TELLWVIBMED ST EIT-o TE R, RE LT, ZOBATIE LLM 2V EEERIZA
BIC R N Z SIS, RHF — X IOV TR AR OHES BT 2 L BRB XNz,

72720, LLM OIER%2E 2 388, 27/ 77— a MEEERBSE S 20 HAEZTT
ML, NEICEBMEEDIR— b LTHAT 2 W Atk B 0152, HlziE, £9DPGD
Blo k52, TPGHEDD DIZOVWTIHIZIEFMFIC PG TH S HFEXTRINUR, 2 WEED
THICETIUR, ZOEFITOVTIIANBBERT 2 FHEEL 2B TE 5,

F7z, IBIAHEN KoV TOHEREZ - &, HlZIXBKG tHIEIN72bD0HIcdH, THEE
WWBKG T®H%] £ LTBKG eH#ELLDD, MMl 7 7 ZOAREN: S & 2 2358V T E 21X BKG
TH5 ¥ LTBKG LHELEDD, REZOMNS LIIIIEDD A HEMEDSE V. ZOHE,
Ric, AHEXNZD DN LLM OHF T4 BKG OREEMEIMED o 7272 ¥ OB H 2 £ THT,
HEDPHELZS8bOET 2 NHPUEL, ZhNIEFUE L EREET 2, LE5&5K
TR EZ SN,

— T F A P FEEE Y 7R (BB DIGEHE) BOZWIZEHEENE L, LLMIZ X
52777 —3a ilonTh o 7 ABIPEZ I ONTHENMET T2 IO R ->TND
[DGRATS22], ZDZ b, ZEDRAZIZBVWTHZ 7 ZADHERS L TEE(ERITbES 2
T, KEZED LN LD %,

IO LEBEDS, LM ZABOYR-—t e LTHAT2 WS AHETTey 7 2 REL,
I FH O RTREME 2 AT L 7z,

52 5|HBM

FIAEEX M55 (BKG)) OAT7E|, HRL(EVS)) 1.6 EEETHZDT, ZD2o¥,
NN D 3 75 2%—DI2F Db D L THRILEL, 3 fEEYL LTRITL.,

3, 377AH% [Zoftl (Other)] & LTFury P 2T LAMERER 13I1TRT, Zhkr
Rae, TZzof) oI nd i3z, HEMRIEIBKG 2»EVS DL L1 TH S, kT,
EVS CHEE L7 — A0 2, HEFERINEL Tw5, TZof) oFEsIEFohnTund
D, BIRZZ S AT 2 X5 CHMZ FLTWS kO IR ans, B, 2 BiiTRo—&
P (—8F) 1391.7% TH %,

BRI D TZofh) LW IERIEIE T ONTHMDEML TV SAREENE Z o2 20 b,
D 7524 PWHEICEERZMELTWS WS RFHICESNT, 375 2H% —#% (GEN:
General) | [fR¥ (PDG: Pending)] & B X2 317217 o7, MiRZZHZH, £ 14,1517,
ZOHE, 377 AHIZET ARV OPBIRTZ 2500, HiAle LTIEE 13 L[AKTD

13



F£13 5IHEWN 32528 % lTZzoftty & L=5GE
Predict

Purpose BKG EVS OTH SUM

— Background (BKG) 65 63 0 128
§ Evidence (EVS) 3 27 0 30
< Other (OTH)| 14 9 @ 23
suM[ 82 99 o 181

%, 128, 2HEfTRO—EM (—BE) 1X86.2%, 91.7% TH 5,

#£14 B5IHEMN :327728% - 2 Li=HGE
Predict

Purpose BKG EVS GEN SUM

_ Background (BKG) 37 71 20 128
2 PUEVEdehealEvs) o 3@ o 30
< General (GEN) 5 16 2 23
suM| 42 117 22 181

£15 5\HEMN 3275 28% MEE) v LGS
Predict

Purpose BKG EVS PDG SUM

_ Background (BKG) 9 113 6 128
2 PEV dencaievs) o 29 1 30
< Ppending (PDG) 121 1 23
suM{ 10 163 8 181

—fIC 7 5 ZBDOHNRIC & DABEESLHERZ Y ofEAm EXh s Z e SIS D3 75 2
WKEEDTHHEEIALELRL -7, ZORKNEZ S 24OET2ERICLZDDOLEX, E
ANE Z TR EOEADB AR oNR»r o7, 72720, 1 HHDZ 7 244 (Background) & 2 HHD
2 5 24 (Bvidence) \ZEETHZ DT, ZDT 7 AZDEERIHEL TV AREMEZ PR T & 72
W, 22T, 3FHDZ 7 2%% 'R (UKN: Unknown)] ¥ L, X522 % T Background
REBKROD S 7 7 AL TWb D% TBKG) R EEKRPFTARN L WEICERRKRL T, Tar
7 b ETOFHHADARICEDSNTHIET 2 XS RIETORTEHAIT LIz, fMREXR 16 1TRT, 2D
BAELEME LTIER 13 LAKTH 2, KB, 2 BETRO—EE (—FE) 386.2% TH 5,

CZETORMITTI 77 RAICETKDIAATHRER RIIFRAAIZ LW EDHL IR 5 7,
Z ZTHR 17T TlXAAEERZZ T, BKG(PB) 2% (NB), EVS(PE) 2% (NE) @ 2 fEHE % %

3 —fEINCE 7 7 ABEHIRT 5 Z 2T X B HHTF — 2 OMINDF 5T 65—/, LLM TIREFLVAKIZE LRV
LD, 77 2ABHIBIC L ZHEOHIEIITLARELLRBARVWEEIEZSN S,

14



*16 5SIHEMN:32772H% 'R L LGE

Predict
Purpose BKG EVS UKN SUM
— Background (BKG) 107 21 0 128
5 Evidence (EVS) 22 8 0 30
< Other (OTH) 19 4 (0] 23
sum| 148 33 0 181

T, Zoflaebee, EfoXibr Rz, 22 TH 7 7 A%BEEKELTWS,
BN AT RS B2 2 EOETH 2O THREDH ESHIfFIR2H, £17T2R3BH, 22T
HIER Y ORPEDEMIIBIETER WV, B, 2 BEEITRO—EM (—3ER) &, BKG 2% 90.6%,
EVS %3 91.7% T® %,

#* 17 5IHER : BKG 252, EVS 225D 2 {HEIC L7856

Predict
Purpose| NBNE PBPE NBPE PBNE  SUM
= Background (BKG) 6 68 9 45 128
S Evidence (EVS) o 17 3 10 30
< Other (OTH) 4 9 1 9 23

suM| 10 94 13 64 181

£ 18 13K 17 2 &HHIZ, b o dEDZ W BKG 2 ZF LA CFREH (UKN: Unknown)) 72°¥ W\
S Hiflie 2 RIS E THBE L CaliT L7ze 72, ZHETHBEZ 7 RADREHbIT- 72, £ 18
ZH5Y, BKG EHELDD 43D 55 38 H (88.4%) 135K BKG TH D FEEIXE WV, £
BEZ2VWEREVWZAREWHEDD, HAREDEEIGELTWSED, 204 —ZXTBKG LHEXN
bDOIOVWTIX, BHEHIETRETZ 20REMENDH 5, 1B, 2 BETKRO—EME (—%X) &
91.2% T®» 5,

# 18 SIHHEI : BKG 250 2 fEfEIC L7258

Predict
Purpose BKG UN SUM

Background (BKG) 38 90 128
Evidence (EVS) 2 28 30
Other (OTH) 3 20 23

SUM 43 138 181

Actua'l

15



5.3 5|ARIE

SIFHEEEENEE Y, b 3EAETHLE2 20, 77 REESTHIANZE 21T W,
Z ZTCARHTIEY ZAZEBMT 5 HATHRITL 72,

AARD@ED, HEICD EFEICATHS) 2W0WI5005, MROWTEZIIEATHS tW0ID
DET, —~EDEHHZ P EINS, ZOLE, BEEIMEVDIDLEVHDEEDITITS
ZepTENR, BEFOUENOFGHPRFTE 2,

ZITET, BEVRWSDEYID 5272912 T (PD: Pending) | ZMZ 727 — A% 19
RS, ThZER22 PD LHEINEDDBWL ORI N 25 30 HREE v BuiZ < <,
T 1FTIEH 20, EBICIWE PG THEHD% NG & EWICHIRT 27 — A b Bl xh 372 P&
L T2 AR bhd,

19 5IHEE : RE 2B
Predict

Sentiment] PG NT NG PD SUM

~ Positive (PG) 14 17 0 1 32
2 Neutral (NT) 19 78 0 24 121
< Negative (NG) 2 16 5 5 28
suM[ 35 111 5 30 181

PD: Pending

EEMRND O ERID 27 7 E[NT 2 L WO B TREERALNT, £, 77 208
BHUR T3 £ L <RV, £ 2T 20 Tl THIZHY (Neutral)y O 7 5 210 LT, FEFRITHILT
HHb5DL, HIEXHNETH2HDZMA L BINAET LI L, Z2IT, TDTITADAY
FI2H%RETEZ2Cl, ZOBRARBICE s TEERIHRLLT WL S 7 7 2% % [RBF (UN:
Unknown)] Yii®7, #ER, PG, NG OB R 703 EMITE AL TERZZ L TWRL,

K20 SIHENE P e AHZRS

Predict
Sentiment PG UN NG SUM
= Positive (PG) 15 8 9 32
I Neutral (NT) 19 57 45 121
< Negative (NG) 1 8 19 28
suM| 35 73 73 181
UN: Unknown
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54 FIRANRAITICHITS LLM Q21— 75— XD

PEXDY, LLMIZE>TEHDNCT /) T7— a YEERRITEE 2 2 8 EARNICIIRETH
E\WVWR b, AT, SIFAXIROIICET 2 LLM AIHORHA R R I b Tldinw e
b, TNFTONHRRIZIREL TW\WD,

SRk [PWF23] Ti&, 7/ 77— a YEERICBIT 2 LLM 02— 27— 2%, (1) ANEDERK
L7=2F—&D7F VT 4 ORER, ) ANBD L 2 —DEEIENOPE, (3) Bliid b oD
BEWMGLD 72D DT —XOIER, (4) 23— A2 ERONH, O 4 ML TVwS, 2055,
(D) DT — 21220 TIE, ARIZBOWTINETRLUTER@ED, IR HrIH U TidiE
HADREEY W2 2, (4)ICOWTIE, it Z > a v TaREEIIZ, EERMENZ 255 LLM O
E L7z T =2 %2 ZDFE0MICHWS Z 2 ICIEMEDNH 5, FROHEHIZED, 3) OFERTH
WBZEHMIBINETH D, 2, QW7 T— a3 VEEDEHAIRITICHL 2 21— 27 —
ATHBH, RETINETMLTERLLIL, ZOHEBRTOFHICLBEEDLD 5,

7 c, (DIZOVTIX, MEORMDSH 2 X5 Bbhd, 20— 7 —21%, ARz LLM
DEERERE T2 20T, \HOEEERO A 74 2T 2 2 2 EKT 5, ksl
RAXARAH O XARICE L LAy, BEDOANBOD T 77— R —=DMER L T2 7 — RIZDWT, 1
HFHST 272HD7—2%E—DITKDALERIC LLM OfEEFRESZE R LUEHAT 2 205 A
BOREIND, Eitr s a >y TAREIIC, LM I X 2EEMEROEFRIEN—FT—H
AR Z EEDZELTWS, £/, LLM IQIZHEHEHZHENZIEZ2TEZ205,
LLM % N[ ¥ 138z 2 U - {2 D D7 ) 7 —R—2 LTIZAZ LD TE 5,

IHOULIMEERE A%, LLM OFEEMRMCHERME, T4 Ah v > a ) [Linl8] &
MEN 5, EROANE DT /77— X2 —=2HEIHN U TER L 727 — X 2 —DIR DA LB, 8
FEHHRLRVE S CHE L OOMAICHERBZHAL, HETHIUIEETHEDIEEMRD
BIEZ{TO 20 7atRIcBWT, H=FWRIIG»60SEFHRE LTUEHT 22N TE
X9, kY, HEDY /) T —R—DFEBHAREMEAT 20 HEME & D KIRT = 2 ATREMED
H3,

F/z, T /Ty a VEETEBERT - X EERT2 e 3RETHY, AHDa—
R—%RBATAIEaRA 20205, RIE—ADT /) 7 —R—=DER L T2 7 — &Ikl
BXZE2BRVEAESL DL e BEHINTWS [RSA23], TEXEMNRDFH L WS RkR T * 2
N TH BB HAMXIRANT OGS, 7/ 7T =X =ML T EERFKRENERINZ s, —i
D7 T— a MEED EHFEERHRE T2 AR THE e EZ NS, ZOL & AHMH—
ANTHERET 2 2 Z2ilT 2, &L IBEBAMMER LT - X222 E D =212 DALY
DFHZ, LLIMZNAHO7 ) 7—2— LTHRAT2ZdEZHN 5,
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6 HHDHIC

AWFZEO HAVIE, LLM O5IHSARIFTANDISHATREN 282 Z £ TH o 7z MIFEDRIR L LT,
BUR @ ChatGPT T, 5IHEMNB L CBIAKE WS 2 2DfEE oW T A EZRETE 313
CEWHETT —ZEREITO BN TERVWIERHELLE Ko Tz, T2, FFEDHIZOWT
3 LLM OEERRZHAWS e & LTRD Off7 2 ALY T 2 8 nwo e X512, A7/
7—a MERE LLM I DIICRITESE 2 2 LW b o 7,

77T, LLM OEERERIZ—E 0 —HM e MRl oA RtEEz A L Tws 2 e s, H=
D7) T—R—2 LTZADBZILETES, ZOZehb, 5IAXRINTICEBY % LLM O 22— 2
F—2r LT, UTO200WEZ6N5, H—IZ, BEROANBOT /) 7— X =12 X 21EEERE
— DR DATEOSEERE LT LLM I X 2 EEMEEFAT2 e TE 3, Hu2, AMH
D7) T—=R—=—DNEEHRT 2P LGS, NAHOY / 7—%—¥2 LTLLM ZHWw
% Z LIIARETH %,

AFFROEBE, FIHMIRIINIC LLM 2iFEH T2 2 e 2ilA L 5 & LTV AMSEEITR LT,
ZORRLERALE2REEZRBLTWERKCH 2, £/, 7/ 7—>a MEERICBIT 3
LLM OHEREDREER 2 — 27 — ZADIRRBEEAT o T ATHIZEICR LT, 5IHXARHT & W S Riik7z
RAZIZBT 2 ZDISHATRENE E 21— X7 — 22 WEt LRI B VT, AR FIIHHHZ S D
Th5,

75T, ARHFUTIIRD &5 RBHR S H 5, SEDHHTIE LLM OHFTH gpt3-turbo-0310
ERHOWTWE, ZHUIERFEMRICBWT, bo dBENPRVWEEZIONEZET L THoT2, £
Dk, AREAERPICBWT, gpt3-turbo-0310 % LEZMHEER IO XN TWVW3S gptd WD
EFLO—HRE S BB I N, 2B LDEFARMA LM BERIT LR, o LAEERIZ
DWTIE gpt3-turbo-0310 X H E(LT 2 Z e B> TWED (F5k B BIR), S&%¥il-7E
TUADELT 52 8T, AROMmEEST L5 i r LLM 3% ST 2 L 51ck2 2 dEX
8%, ZOZe»s, RFFLOHRIIBRAICE T 2 LLM OICHATREN 2 2 F v 7> a v M2
HolzdbDTHD, SHOEMBENCEDE TGO 2T TV Ze kDo s,
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T8 A SIRARKIBICEAY 55U

A, LLM OFEHICOWTH 4 OHGH (FEEOEW O 2[Ry 2 Z e 2 IV L-RE
27 ADBAR T A DRER) 2170703, IHLHEDERNS DEREES 5 Z & T Positive,
Negative DIKIFIEER 2 EXE 2 & W RITIIMRE EiFd -7z,

ZITRELGEHZZEZ, GPT ZHWEMNHEE L I3RS MEEFETCOMEZAT L, B
REVIZIX, AWS(Amazon Web Service) D KIEHEE R (Amazon Comprehend) % 5E F L CTREIGHEE
2IDER, ZITRET, LM ZHOWTEZLXERED SR E 72 2 5 HCHNICBIE S 2 &
FIOXEDAZMHE L, X<, Amazon Comprehend TREIEHETE 21T 5 ¥\ 5 ZEFEDIEHETOMT
3 %, Amazon Comprehend @ 771 Positive, Negative, Neutral, Mixed D 4 {[ETH %, FHER%
K21 1TRT,

K2l 2R, T2 TH Neutral LHESNTED, HHOHL IMFEZ 5,

£ 21 BIHRE : HIEHEERR %6 H
Predict

Sentiment PG NT NG MX  SUM

= Positive (PG) (¢] 31 0 32
2 Neutral (NT) 0 118 3 121
< Negative (NG) 0 26 2 28
suM| @ 175 5 1 181

MX: Mixed

L, ZOEERTICELT, 7/ 7= a MEERTOISNRE R 2EQHBEOT ¥ X b %
WD HEEICOWTIE, LIM A 02 FE 2 RS 5 Z L AR S iz,

SIAXARAHT T, H72) DEEHET 2772012, 5IHGMXDOF D LR 22 REDHSI
XD ERSINTOWEFEDHMO T XA M 2R EH T e ARED T nL AR5, L
L, & & o TXHTOREIHRIADERDILETI3EZ 25 Z 2 h 5, Colil[FY15] % Microsoft
Academic D X S IZBHE I N7 T — X R—= R IZPER SN TV AR ERITIE, ZokEHLIEX%ZE
s s 3 ENBEDB—DDN—FILEIRD1E %, K2, manual data processing ® automatic
data processing IZHNR7 & 2 DHF[D—21F, FEDT —EN—ZL 7 + —< v MIKFETITT
iR THMIBLBETELILRDHDEZOLNED[Nis23], ZD X5 RGAICIFRKEH
LoHEZ X D R#EEE 72D, % < ® manual data processing % £ 3 2 e CIE FEX TR E H
LIEEERTRo TR B INE, 20D, LIMICLD ZOEEZRITT 20T, 7/
F—a MEEIC X BN X b B RIRT X 3 TREED D B,
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188 B GPT4 IC &k 35174

FERBALAIE A (2023 425 H) T, API 2@ U T2 —9DFHMERET LD S, RbE
HHREL HIFF T & 23 DI gpt-3.5-turbo TH o 72720, AETIEZIhE AW,

L TAT, 202347 AD 51 GPT4 bFHTE 2 X 51Tk o7, —MIYIC GPT4 O h mitkRE
LEINBD, BITTWL DL DOHEFNIOWTHE L 72,

BARINCIE, EER SO Y 7 MZOWT, %72, 4 El#o#HFCHEEL 72,

B.1 5|FHB®M
SIHBEMICOVWTER 2 056K 25 ICE DT,

%22 5IHEM : Simple (JFE
Predict

Purpose| BKG CMP CRT EVS Use SUM
Background (BKG) 35 8 4 56 25 128
~ Comparison (CMP) 2 0] 0 2
P2 Criticize (CRT) 1 0] 12
< Evidence (EVS) 2 0 19 5 30
Use 0 0 0 2 9
suM| 44 13 4 79 41 181

23 GIH B/ : Basic (i&E

Predict
Purpose| BKG CMP CRT EVS Use SUM
Background (BKG) 41 18 4 39 26 128
~ Comparison (CMP) 0] 0] 0] 0] 2
{3) Criticize (CRT) (0 1 1 12
< Evidence (EVS) 0] 15 4 30
Use 0 3 6 9
SUM 50 32 4 58 37 181

%24 FIHBM : Precise (¥FE

Predict
Purpose| BKG CMP CRT EVS Use SUM
Background (BKG) 28 10 6 45 39 128
= Comparison (CMP) 0 0 2
P Criticize (CRT) (0 4 12
< Evidence (EVS) 0 14 10 30
Use 0 1 8 9
suM| 35 17 6 61 62 181
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#25 5IHHEM : Precise+ iR (J:3E
Predict

Purpose| BKG CMP CRT EVS Use SUM

Background (BKG) 51 4 3 22 48 128

~ Comparison (CMP) 1 0 2
P2 Criticize (CRT) 3 0 12
< Evidence (EVS) 0 0 13 13 30
Use 0] 0] 0] 0] 9 9

suM/ 61 8 3 35 74 181

GPT3 ZHVWAAR TR —BEOEE 1S HFEROFM~ =2 7 V2L, K9 CFL i,
LRI TIER 24 DIRIET 2,

¥73, GPT3 TRIREDIZ FRARZ X5 hdH ot 25, GPT4 TIEZ DG S
EIOBRDEET>TOVEIRMTDRZ D, L2LEDSS, SHIFERT —XBLEETH 3 /-
B, PR o TIEDPLEI Lo TVIMTIRR 5, FEBIC, RI LR 24 ZHNRTH, RY2—24
V' — > D BKG OHEED TR - 726ER, BLLTWBREE X5, B, TOHEZIEL R, CMP,
Use DIEEBAWL DR 5NTWS, KT, Use DIHEE IR TH o722 25, KIEICHEIHEZ T
W3,

PILEED, EFAMCE>TORELMERDIEDL S Z L BRIGETE 208, AFTONHICHES
X2E\BRVE VI KRFOMEREET LS 2D DTIE R 272,

B.2 S|RRIE

SIHEINCOWTE 26 25K 28 I2F L DT,

# 26 5IHER : Simple (J3

Predict
Sentiment PG NT NG SUM
- Positive (PG) 5 27 0 32
% Neutral (NT) 6 114 1 121
< Negative (NG) 0 22 6 28
SUM 11 163 7 181

# 27 SIHEM : Basic (338

Predict
Sentiment PG NT NG SUM
— Positive (PG) 14 18 0 32
% Neutral (NT) 18 101 2 121
< Negative (NG) 0 16 12 28
SUM 32 135 14 181
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#28 B|IFAHEM : Precise (J%3E

Predict
Sentiment PG NT NG SUM
- Positive (PG) 27 3 2 32
% Neutral (NT) 40 56 24 120
< Negative (NG) 2 4 22 28
SUM 69 63 48 181

SIFHBER kI, FIHEECOVWTHIER L.

GPT3 ZHWAMRCTIITFERD S IV ERAL, R 101CE e D/, LElDIBRTIEE 26 23
SIS %

Z D5 HBEIFICOWTIE, —HE (Accuracy) 1ZHDITPITENLLTVWEH DD, GPT3 & OfHMAI
LhE->TED, RELREIIRVEEZR D,
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f§& C JO>7k . ZBRA

Jury i, { Y CTHARERDICR, EBROTF—2053MDiAEh 5,

C.1

C.1.1

C.1.2

C1.3

5 RARXIE

Simple (B#:&
MTOT7FRA s OFEEDNR R Z5IHT 2 HNOEZ 7L T2 E W,
S5IHERN DA 7 3V OFESHIE Background, Comparison, Criticize, Evidence, %721 Use
T3,
TR Y 72 2 XHRD T ~vid Target: DU, S4TETTT,
s ld Text: LD NE TS, DMERZT2EATILI W,
Target: {77 & 72 %5 HXED Z ~v}
Text:
{SHTXR & 72 2 X F (Paragraph)}

Simple (Z&3E)
Classify the type of purpose for which the author of the following text is citing the target.
The type of citation purpose category is Background, Comparison, Criticize, Evidence, or Use.
The label of the target literature is Target: onwards, up to a new line. The thesis is the text after
Text:.
Just report the classification result.
Target: {73HTXIR & 72 2 5| H D 7 ~L}
Text:
{ IR & 72 % SCE (Paragraph) }

Basic (A#:E
UTo~=a7WIHEINT, UTOTF R OFEESWHRESIHT2HNOA 73V
DR Z L TLZE W,

51 H B o fEfIZ Background, Comparison, Criticize, Evidence, %7:1% Use TJ,
~=a 7

TX¥AMDT =R My 7T 2B ERERZ T2 D LIRENT 572012
M CEGIH LTV 555, Background & KT L £3,

THF AP EREEL. b L IR L ZOMO5 | i & ORI THRS HIEE KT
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C1.4

T2 DI EGIH LT\ 385, Comparison & Il L £ 3,

SFRER SR LT & 20 DFHEio ARG &2 I 2 % 729125 L TWw 24, Criticize ¥ HIWi L
9, RIT 4 7TRiHD A DT 4 TiFHAE D EA LT,

7TX¥APOEZEOBEASLEERE (FEOERRY). @R, Fik. HIKR ORI HE
MR LTRSS L TW3H4E, Evidence & Il L %5,

R TRENTFERLET L B0, &R, HEm, /i, 7% Y7 bv=7R%
MHF 270125 HZIToTWa5EA, Use LHWL E7,

TR Y 72 2 HRD T UG Target: LI, S4TETTY,
A Text: DIBEDXFE T, JHRERZ T ZEZTIZE W,
Target: {HTAIRE 72 5 5|HXHERD Z L)

Text:

{7 R & 72 % XCF (Paragraph)}

Basic (Z%:E

Classify the type of purpose for which the author of the following text is citing the target.
The type of citation purpose category is Background, Comparison, Criticize, Evidence, or Use
based on the following manual.

Manual:

If the target is cited to present or summarize general background information about the research
theme or topic of the text, you classify the text as Background.

If the target is cited to compare results or methods between the text and the target or between
other cited papers, you classify the text as Comparison.

If the target is cited to provide some evaluation or review of the text, you classify the text as
Criticize. Both positive and negative evaluations are included here.

If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.

If the target is cited to use methods, models, data, software, concepts, theories, hypotheses, etc.

presented in the target, you classify the text as Use.

The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {HTHIRE 72 25| HXHERD Z L)

Text:

{ IR & 75 % SCE (Paragraph) }
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C.1.5

C.1.6

Precise (A#E
PTFO==a7WZEIWT, UTOTFR bOEEVNREREZGTIHT2HNDO A TV
DR Z L TSV,

5 B ofESHIE Background, Comparison, Criticize, Evidence. %7zi% Use T3,
<= a7

THOFIIRDED T,

L MRXBEENL LY T VA2 ETRAET, BEDLY TV RAZHATHT IV %
o2 CHIITE 2856, ZORRTHET 5.

2. MREME EN 2t v T RIZFTIRHMNTK S 5E. %oty 7 v ADHRD & v
T/X%QOToﬂﬁi?oW&@%/T/X%QOTOLﬁfﬁTju%%gﬁkﬂﬁf
X255, TORSETHET 5,

3. HitkDt ¥ T Y R —DFORATHHIMNIK S HE, 577 7 DRMIHSIEEICE >
T Y AZHATWL . A7) ZBHOIHIMTC X RRTHEET %,

4, FlE 3 FTEEML THOETERWEEX Background 78T %, 7FRA DT —<%
FE Y 7T 2 AT RIERE T TS b L IFENT 272D Rime5IHLT
W34, Background ¥ HIWT L %3,

THFZ D EREFHL. b L IR L 205 | & ORI THRSHEE KT 2
T DI R 2 5| L TW 3558, Comparison & WL %3,

M REH TR LTl & 2> O FHMieAR G 2 1 2 % 72 DI2EIH LT 256, Criticize & I L
¥9, RYT 4 TRFHED XK T 4 TIRFHES EAE T,

TXRAMOFEZEOBERPEEIE (FEDERZY). MR, ik, HlKz 2 ORISR
MR LTRRAESIHL T 284, Evidence 2 HHIWT L 9,

MR CTRENTFIERLET L (?&T) B, BEm, Ra, 7—&. Y7 v a7 RhER
FAT27DI5HE{T-oTW38545, Use HIBIL 3,

TR ¥ 72 % XHRD T ~oLid Target: DU, SfTETTY,
i Text: IO XE TS, pHEMERLETZ2EZ TSIV,
Target: {73 RE 72 25 HXEAD Z ~L)

Text:

(ST R & 75 % CE (Paragraph)}

Precise (%58
Classify the type of purpose for which the author of the following text is citing the target based

on the following manual.
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C.1.7

The type of citation purpose category is Background, Comparison, Criticize, Evidence, or Use.

Manual:

The classification procedure is as follows:

1. Read the sentence containing the target first. If the category can be clearly determined by
reading the sentence containing the target, the category is determined at that point.

2. If you are not sure about the decision based on the sentence containing the target alone, read
the one sentence before and after it. If the category can be clearly determined by reading the
sentences before and after the sentence containing the target, the category is determined at that
point.

3. If the category cannot be determined after reading one sentence before or after the sentence
containing the target, read the sentences in order from the beginning of the paragraph. If the
category can be clearly determined, the category is determined at that point. If the target is cited
to present or summarize general background information about the research theme or topic of
the text, you classify the text as Background.

If the target is cited to compare results or methods between the text and the target or between
other cited papers, you classify the text as Comparison.

If the target is cited to provide some evaluation or review of the text, you classify the text as
Criticize. Both positive and negative evaluations are included here.

If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.

If the target is cited to use methods, models, data, software, concepts, theories, hypotheses, etc.

presented in the target, you classify the text as Use.

The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {FHTRE 2225 HHED 7 <L)

Text:

{HXT SR & 72 5 SCE (Paragraph) }

Full (B#:E

UTFTo==a27WEINT, UTOTFRX MOEFEEPNEEZGIHT2HNO A 73V
O Z LTIV,

S5IFHBEP®D A 73V 1& Background, Comparison, Criticize, Evidence, %7zl Use T3,
=27
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DTHEOFIRIRDED T,

I MR EEND LY T VA2 ETHAE T, YEDE Y TV ARZRATAT IV &
o2 IHMCE 258, ZORKTHET %,

2. MR EEND L VT AR TRHKNTEK S 58, LikDt >y T v ZADHiERDE ¥
TYRAEODFOMAET, WiROLY T YR DT OHATHT IV 2L IHWTT
X258, TORRTHET %,

3. it YT U REe—DFOHATHHIMNIK S GG, 57T 7 DRMIH BIEEFICE Y
T Y RAEHATWL s A7) ZHOIHIMTC X R RTHET %,

4, FIE 3 FTEEML THETERWEEX Background 78T %, 7FRA DT —<%
FEY 7T 2 RV B RIERE TR T DL IIENT 27010 Rim X E25IHLT
W34, Background ¥ KL %3,

RDESF—U—FREENTVEHE, Background ¥ HIWT L ¥ 3,

Background @ ¥ —7 — F DOfl: “overview”, “review”, “summarize”

Background ¥ W3 2 EUEZ RO D TT,

Background OH|WrEHE: “Hof O EENAICE S 2 M Z EZN T 2 7-DIHHLTW5 5
B, T — < IS 2 e TS 2 BUSHI T - B L TWAHE”, “— kI - 2E172HER
(e.g., BUREIM, BEEH S 2 ST, ete) ZERBBKCEIHZITo TV 355G, “itho
EDATIAVIHEZYE LRWVEGE”

THF AP EMEERL. b L IR L ZoMOT I HiR X L ORI TR HIEE KT
T DI R T IH L TW35E,. Comparison & Il L £ 3,

RDESF—T— FREETNTWSBIEA, Comparison ¥ KL =7,

LR INT3 LR INT3 >

Comparison @ ¥ —7 — FDfi: “although”, “compare”, “comparison”, “contrast”, “however”,
“in contrast”, “on the contrary”, “on the other hand”, “while”

Comparison ¥ H|Wr3 2 FEHEIXDED T,

Comparison DHIWrHEHE: “7 % 2 b DFER & R DFERZ KL T, 7F X P OHERD
BAMEZ FIR LTV AHE”, MR e £ 0Mmos | Hiw Rz IR LT, —HDm3XD
B RER 25 L T\ 2 557

XD > T v Al Comparison &fliE st > 7 v 2DHITT,

Comparison Ot > 7 > ADf| : “However, while neurobiology posits that the rewarding prop-
erties of social behavior may have evolved to facilitate group cohesion and cooperation [4], our
model suggests that polarization (as opposed to cohesion) across groups may be a side-effect of
these rewarding properties.”

HFERER TR LT & 2 DRl ARET 2 1 2 5 729125 [ LT 855, Criticize & H|i L
$9, RYT 4 TRFHED XA T 4 TIRFHE S EAE T,

Criticize & ¥ 3 2 FHEIIRDED TT,

Criticize D HIWiEEAE: “IIRFHL D HEPH R 2RI L TV 2557, SN RER X DFIRPLFAD
2L TV A58
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KD+t v T > Al Comparison Lz sty 7 v 2DOHITF,

Comparison D+t > 7 > ZDf: “The method in [4] reports a high result for the Media-lab
dataset but does this using a dataset-specific SE and so it not a universal method.”

7X* A MOEFEZEDOERPLEREIE (FEOERZ )., R, Tk, Hiz & ORIU R
ML e LTRSS ES I L T35, Evidence & Il L £ 3
RDES57F—U—RKEBENRTVSEAE, Evidence Wi L E73,

Evidence @ ¥ — 7 — K Dfl: “aligns with”, “be consistent with”, “indicate to us”, “similar to”,
“support”, “therefore”, “thus”

Evidence & fillr3 2 EAEIZRDED TI,

Evidence DH|WiLHE: “7 X% 2 F OFEDN, BHOOBERSREH.,. BERREZY K- 1+F57%
DITHRZFIALTWEHAE, “7TF X L DOFEEN, BT OWFER HIHHFT % e 7%
DI E ESLT 27D E AL TWRIHBAET, “7 ¥ A b OEEDHEDRE
PRARZESET 272D REMLZE I H LTV R 5E”, “SROMKAHRZIRET 2K
2. ZOREEHR— M T 2D ETIHL TV 557

XD+t 7 v A Evidence L Hfixh st > 7 > ZDHITT,

Evidence O+t > 7 > ADH : “Our findings emphasize that building digital seizing capabilities
are contingent on pacing strategic actions, which aligns with dynamic capabilities research in
hypercompetitive contexts [4].”

WREHLTRENTFERPET L B0, &R B, Rl 7—%, Y7 bv =7k
FHT 27-DI5IHZT>oTWaE5E, Use &KL ET,
RDEIIF—U—RKEBEENRTVWEEAE, Use ML £,

Use D F—7 — FDf: “based on”, “be carried over”, “provided by”, “use” Use & Hlr3 23 %
HEIIROBED TT,

Use OHIMIAERE: “HREMIX DT — XLy P 2FHLTWB5E”, MR TRE/FIFE S
THERFIA LTV 2I5E”, “5 2 S HEmIcB 3 2 R DERZFIHL T\ 558
XDt 7> A Use Hllfidn by 7 ZDHITT,

Use Ot > 7 > ZDH| : “Our Arabic part-of-speech tagger uses the simplified PATB tag set
proposed by [4]”

TR Y 72 % XHRD T N ovid Target: DU, Sf7ETTT,

sl Text: IO NE TS, DEMERLZT2EATILEE WV,

Target: {HTXTR & 722 5| FXCHERD <L}

Text:

{ IR & 72 % SCE (Paragraph) }
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C.1.8 Full (358
Classify the type of purpose for which the author of the following text is citing the target based
on the following manual.
The type of citation purpose category is Background, Comparison, Criticize, Evidence, or Use.
I will give you the text later.

Manual:

The classification procedure is as follows:

1. Read the sentence containing the target first. If the category can be clearly determined by
reading the sentence containing the target, the category is determined at that point.

2. If you are not sure about the decision based on the sentence containing the target alone, read
the one sentence before and after it. If the category can be clearly determined by reading the
sentences before and after the sentence containing the target, the category is determined at that
point.

3. If the category cannot be determined after reading one sentence before or after the sentence
containing the target, read the sentences in order from the beginning of the paragraph. If the
category can be clearly determined, the category is determined at that point.

If the target is cited to present or summarize general background information about the research
theme or topic of the text, you classify the text as Background.

If the sentences around the target contain the following keywords, the text is considered Back-
ground.

Keywords of Background: “overview”, “review”, “summarize”

The following are the criteria for classifying the text as Background.

Criteria of Background: “When the target is cited to summarize information on recent research
trends”, “If the text simply introduces or refer to the target on its research topic”, “When the
target is cited to state general or overall information (e.g., policy trends, relevant research areas
or theories, etc.)”, “If the text does not fall into any other category”

If the target is cited to compare results or methods between the text and the target or between
other cited papers, you classify the text as Comparison.

If the sentences around the target contain the following keywords, the text is considered Com-
parison.

L INT3 9 B 9%

Keywords of Comparison: ‘“although”, “compare”, “comparison”, “contrast”, “however”, “in

LR N3

contrast”, “on the contrary”, “on the other hand”, “while”
The following are the criteria for classifying the text as Comparison.
Criteria of Comparison: “When cited to compare the results of the citing paper with those of

previous studies and claim the superiority of the citing paper’s results”, “When comparing two
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previous studies and pointing out the advantages or disadvantages of one study over the other”
If the sentences around the target are similar to the following examples, the text is considered
Comparison.

An example of Comparison: “However, while neurobiology posits that the rewarding properties
of social behavior may have evolved to facilitate group cohesion and cooperation [4], our model
suggests that polarization (as opposed to cohesion) across groups may be a side-effect of these
rewarding properties.”

If the target is cited to provide some evaluation or review of the text, you classify the text as
Criticize. Both positive and negative evaluations are included here.

The following are the criteria for classifying the text as Criticize.

Criteria of Criticize: “When the target is cited to evaluate the contribution or advantage of the
text”, “When the text is cited to point out a weakness or wrong in the text”

If the sentences around the target are similar to the following examples, the text is considered
Criticize.

An example of Criticize: “The method in [4] reports a high result for the Media-lab dataset but
does this using a dataset-specific SE and so it not a universal method.”

If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.

If the sentences around the target contain the following keywords, the text is considered Evidence.
Keywords of Evidence: “aligns with”, “be consistent with”, “indicate to us”, “similar to”,
“support”, “therefore”, “thus”

The following are the criteria for classifying the text as Evidence.

Criteria of Evidence: “When the target is cited to support the text’ s author’ s claim, hypothesis, or
decision”, “When the target is cited to justify the methodology of the text’ s research or previous
research the text’ s author supports”, “When the target is cited to justify the assumptions and
limitations of the text”, “When the text’ s author proposes a future research direction, the author
cites the target to support his proposal”

If the sentences around the target are similar to the following examples, the text is considered
Evidence.

An example of Evidence: “Our findings emphasize that building digital seizing capabilities
are contingent on pacing strategic actions, which aligns with dynamic capabilities research in
hypercompetitive contexts [4].”

If the target is cited to use methods, models, data, software, concepts, theories, hypotheses, etc.
presented in the target, you classify the text as Use.

If the sentences around the target contain the following keywords, the text is considered Use.

LEINNT3 LR RT3

Keywords of Use: “based on”, “be carried over”, “provided by”, “use’

2

The following are the criteria for classifying the text as Use.
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C.2

c.2.1

c22

c.23

Criteria of Use: “When the target is cited to use a dataset presented in the target”, “When the
target is cited to use a method proposed or developed in the target”, “When the author of the text
cites a definition on a concept or theory presented in the target”

If the sentences around the target are similar to the following examples, the text is considered
Use.

Anexample of Use: “Our Arabic part-of-speech tagger uses the simplified PATB tag set proposed
by [4].”

The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {HTAIRE 72 5 5|HXHED Z L)

Text:

{7 R & 72 % XCF (Paragraph)}

S RRRIE

Simple (B&:E

LIF D7 % R % Positive, Negative, % 7z1% Neutral IZ7FHL TL 72X W,
TR ¥ 72 % XHRD T ~oLiE Target: DU, SfTETTY,

s ld Text: DO NE TS, DMERZT2BEATILI W,

Target: { DHTRR & 72 2 51 HCHRD 7 <L}

Text:

{5 R & 75 % CE (Paragraph)}

Simple (338

Classify the text into Positive, Negative, or Neutral.
The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {HTARE 725 5|HXHERD Z L)
Text:

{7 R & 72 % XCF (Paragraph)}

Precise (B#AZE
UTDO=w=27ZHEINT, LFDO 7 X R h %, Positive, Negative, %7213 Neutral {277
L TLEZ W,
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C.24

~=a 7

MR EENS > T > A%, Positive, Negative, F7:1% Neutral I L 5, MER
NEADEEN D X VTV AR LI K o THBOXENIC PN TE D, JHiick -
T Positive 2* Negative 22235272 2 & 1213, MR E Fh 2 XHi7Z T 25 A THEL
7,

MR EERZERO > 7 Y A THIHE ATV EHE. Positive LML £5,
WRIEDEENIRERD > 7 Y A THIHEN TV 235G, Negative LML £ 5,
MECERDEIH ST WS > 7 > AH3 Positive T Negative TH 72055, Neutral & ¥
WL E9,

TR Y 725 XERD T Vi Target: LUK, BATETTT, amslid Text: AEDLETS, nHH
FRIZT 2B TSI W,

Target: {HTXTR L 742 25| FXXHRD 7 <L)

Text:

{7IHR R & 72 % SCE (Paragraph) }

Precise (%R&E
Classify the text into Positive, Negative, or Neutral based on the following manual.
Manual:
You classify the sentence in which the target is cited. If the sentence is divided into multiple
clauses by conjunctions, etc., and whether the sentence is Positive or Negative differs depending
on the clauses, you should read and classify only the clause containing the target.
If the target is cited in a sentence with a positive meaning, you classify it as Positive.
If the target is cited in a sentence with a negative meaning, you classify it as Negative.
If the target is cited in a sentence with neither Positive nor Negative meaning, you classify it as
Neutral.
The label of the target literature is Target: onwards, up to a new line. The thesis is the text after
Text:. Just report the classification result.
Target: {FHTRE 4225 HHED 7 L)
Text:
[P SR & 72 5 SCE (Paragraph) }
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C.25 Full (A=%3E
YT =27 WZHEINT, LFD T ¥ A+ %, Positive, Negative, %7213 Neutral {257
FLTLEE W,
~=a 7
MR ZFEN ST A%, Positive, Negative, %7213 Neutral IZ77FHL 3, XfR
NP EEND LY T ¥ AR I & o TREOXE 2T D, piiick-
T Positive 2* Negative 22235272 2 & 1213, MR E Fh 2 XHi7Z T 25 A THEL
QI
MR EENZERD > 7 Y A THHINTWS5E, Positive & HIWT L 97
RDEIF—T—RKDREENTVWB LT R%, Positive & HIWT L 5,
Positive D ¥ — 7 — K D] : “be able to...”, “best”, “can...”, “could”, “develop”, “enhance”,

LEINT3 LEINT3

“important”, “promote”,

LR N3 LN

robustly”, “support”,
KD+ > 7 > A Positive LHIfiE st > T ZDHITT,

Positive Dt > 7 > A DA : “The best known and simplest stochastic representation for discrete
geophysical time series is the AR(1) model (Ghil et al. 2002; Bretherton and Battisti 2000).”
Positive D > 7 > X D] : “These patterns find empirical support in Popp and Newell’ s

well”

(2012) study of firm-level R&D spending and patents.”

Positive Dt > 7 > X D : “Although national and transnational connections may be necessary
to secure access to resources and technical expertise, it is argued that local participation in
the governance of social-ecological systems provides legitimacy (Biermann and Gupta 2011,
Dryzek and Stevenson 2011), accommodates diverse interests and values (Brown 2003, Lebel
et al. 2006), and taps local ecological knowledge (Berkes and Folke 2002, Gerhardinger et al.
2009, Raymond et al. 2010).”

MR EENZERDE > 7 Y A THHIN TV 255, Negative L HIBT L 7,
RDEIBRF—T—=FRFENTWVWSH LY T A%, Negative &KL E T,

Negative D F — 7 — F D] : “but”, “despite”, “even though”, “however”’, “ignore”, “less”,
“nevertheless”, “problematic”, “suffer”, “undermine”

KD+t > 7 Rid Negative L HIi gzt 7 ¥ ZADHFITT,

Negative Dt > 7 > Z D] : “When women are unable to obtain sufficient water for menstrual
ablutions or hygiene (e.g., cleaning menstrual cloths), they may suffer extreme stigma and
humiliation (Rashid and Michaud 2000:54).”

Negative D+t > 7 > 2D : “The need for better empirical information about energy-efficiency
R&D is well known but difficult to solve due to lack of disaggregated data (although see on the
contrary Popp (2002) and Popp and Newell (2012)).”

Negative D+t > 7 >~ ZDH : “Determination of the functions of fungal species, which typically
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C.2.6

requires their isolation in pure culture and the study of their effects on defined substrates, has
well-documented limitations [19-21].”

WERSCERDE | FH XL TW B+ > 7 > AH Positive T Negative T 72 W 5E, Neutral & ¥
WL E7,

MG 72 2 XERD 7 ~Li Target: DR, SATETTT, amid Text: IO XE TS, 75
FERIZTFZBEZTLIREW,

Target: {7IHIXTR & 72 2 5 HSCHRD 7 LY

Text:

(SR & 75 % CE (Paragraph)}

Full (355
Classify the text into Positive, Negative, or Neutral based on the following manual.
Manual:
You classify the sentence in which the target is cited. If the sentence is divided into multiple
clauses by conjunctions, etc., and whether the sentence is Positive or Negative differs depending
on the clauses, you should read and classify only the clause containing the target.
If the target is cited in a sentence with a positive meaning, you classify the text as Positive.
Sentences containing the following keywords are considered Positive.

LR T3 99 ¢

Examples of Positive keywords: “be able to...”, “best”, “can...”, “could”, “develop”, “enhance”,

LEINT3 LEINT3

“important”, “promote”,

LR N3 LN

robustly”, “support”, “well”

The following sentences are examples of sentences that are considered Positive.

Example of Positive sentences: “The best known and simplest stochastic representation for
discrete geophysical time series is the AR(1) model (Ghil et al. 2002; Bretherton and Battisti
2000).”

Example of Positive sentences: “These patterns find empirical support in Popp and Newell” s
(2012) study of firm-level R&D spending and patents.”

Example of Positive sentences: “Although national and transnational connections may be nec-
essary to secure access to resources and technical expertise, it is argued that local participation
in the governance of social-ecological systems provides legitimacy (Biermann and Gupta 2011,
Dryzek and Stevenson 2011), accommodates diverse interests and values (Brown 2003, Lebel
et al. 2006), and taps local ecological knowledge (Berkes and Folke 2002, Gerhardinger et al.
2009, Raymond et al. 2010).”

If the target is cited in a sentence with a negative meaning, you classify the text as Negative.

Sentences containing the following keywords are considered Negative.
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LT3 LEINT3

Examples of Negative keywords: “but”, “despite”, “even though”, “however”, “ignore”, “less”,
“nevertheless”, “problematic”, “suffer”, “undermine”

The following sentences are examples of sentences that are considered Negative.

Example of Negative sentences: “When women are unable to obtain sufficient water for men-
strual ablutions or hygiene (e.g., cleaning menstrual cloths), they may suffer extreme stigma and
humiliation (Rashid and Michaud 2000:54).”

Example of Negative sentences: ‘“The need for better empirical information about energy-
efficiency R&D is well known but difficult to solve due to lack of disaggregated data (although
see on the contrary Popp (2002) and Popp and Newell (2012)).”

Example of Negative sentences: ‘“Determination of the functions of fungal species, which
typically requires their isolation in pure culture and the study of their effects on defined substrates,
has well-documented limitations [19-21].”

If the target is cited in a sentence with neither Positive nor Negative meaning, you classify the
text as Neutral.

The label of the target literature is Target: onwards, up to a new line. The thesis is the text after
Text:. Just report the classification result.

Target: {HTHIRE 72 5 5|HXHERD Z L)

Text:

{ IR & 75 % SCE (Paragraph) }

t§ D 7OY7Fk:LLMA

D.1

D.1.1

SIRB/

83 MDY 5% Other I (KFE

Please classify the type of purpose for which the author of the following text is citing the target.
The type of citation purpose category is Background, Evidence, or Others based on the following
manual.
Manual:
If the target is cited to present or summarize general background information about the research
theme or topic of the text, you classify the text as Background.
If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.
If the type of citation purpose category is neither Background nor Evidence, you classify the

text as Others.
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D.1.2

D.1.3

The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {7THXTR & 72 %5 HXED Z ~v)

Text:

{7 R & 72 % SCE (Paragraph) )

%3 MY T R% General IC (H5E
Please classify the type of purpose for which the author of the following text is citing the target.
The type of citation purpose category is General, Background or Evidence based on the following
manual.
Manual:

Usually annotate as ’General’.
For example, 1. a comparison of results or methods between the text and the subject or other
cited papers.

2. some kind of evaluation or review of the text.

3. use of methods, models, data, software, concepts, theories, hypotheses, etc.
All other items that are not background, evidence, etc., that cannot definitely be said to be
background or evidence, or that cannot be classified in one specific category, etc., all belong to
the *General’ category.
In addition, If the target is cited to present or summarize general background information about
the research theme or topic of the text, you classify the text as Background.
If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.
The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Please, return only the classification results in one word.
Target: {73HTXIR & 72 2 5 H D 7 ~L )
Text:

{ TR & 752 % CE (Paragraph)}

%3 MDY S5 R% Pending IC (3B
Please classify the type of purpose for which the author of the following text is citing the target.
The type of citation purpose category is Pending, Background or Evidence based on the following

manual.
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D.1.4

Manual:

Wherever possible, judge the case as 'Pending’.

Anything that cannot definitely be categorised as Background or Evidence, or that cannot be
placed in a specific category, belongs to *Pending’. In addition,

If the target is cited to present or summarize general background information about the research
theme or topic of the text, you classify the text as Background.

If the target is cited to support or validate the author’s claims, decisions (e.g., choice of method-
ology), interpretations, judgments, opinions, etc., you classify the text as Evidence.

The label of the target literature is Target: onwards, up to a new line. The thesis is the text after
Text:. Please, return only the classification results in one word.

Target: {73 & 72 2 5 H D 7 ~v )

Text:

{7THTHIR & 752 % CE (Paragraph)}

B3 DU SFR%E Unknown & L, 75 RASNILZREK (K58

Please provide a classification of the citation in the text.

Classification target is only one citation.

The label of the target citation is [Target:] onwards, up to a new line. The text is after [Text:].
The criteria for classification are as follows.

There are three classes: UKN, BKG and EVS.

The criteria for classification are given below.

Basically, classified as UKN.

This option (i.e. UKN) is extremely strongly recommended.

Try to select this option whenever possible.

Where the purpose of the citation is presumed to be background, such as including present or
summarize general background information about the research theme or topic, it is classified as
BKG.

This option (i.e. BKG) is second most strongly recommended.

Where the purpose of the citation is presumed to be evidence, such as support or validate the
author’s claims, decisions (e.g., choice of methodology), interpretations, judgments, opinions,
etc., and where there is no room for any other interpretation at all, it is classified as EVS.

This option (i.e. EVS) is deprecated, avoid as much as possible.

Please, return only the classification results in just one word.

Target: { IR & 722 5D Z <L)
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D.1.5

D.1.6

Text:
{7 R & 72 % XCF (Paragraph)}

BKG h'&h, EVS hELD 2 ERRLL, 757X\ ZRK (H5E)
Please provide a classification of the citation in the text.
Classification target is only one citation.
The label of the target citation is [Target:] onwards, up to a new line. The text is after [Text:].
The criteria for classification are as follows.
There are two types of classes.
Basically, classified as NB.
However, where the purpose of the citation is presumed to be background, such as including
present or summarize general background information about the research theme or topic, it is
classified as PB.
Please, return only the classification results in just one word.
Target: { TR E 722 5| HXXHERD T <L}
Text:
{ IR & 72 % SCE (Paragraph) }

BKG ' &EHD 2 DL L, I5AINI 2R (REE
Please provide a classification of the citation in the text.
Classification target is only one citation.
The label of the target citation is [Target:] onwards, up to a new line. The text is after [Text:].
The criteria for classification are as follows.
There are 2 classes: UKN and BKG.
The criteria for classification are given below.
Basically, classified as UKN.
This category includes, for example, citations as evidence, criticism, comparison, discussion,
etc.
Try to select this option whenever possible.
The other hands, Where the purpose of the citation is presumed to be background, such as
including present or summarize general background information about the research theme or
topic, it is classified as BKG.
Please, return only the classification results in just one word.
Target: {73HTXIR & 72 2 5 H D 7 ~v)
Text:
{7THTNIR & 752 % CE (Paragraph)}
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D.2 SIRARXIE

D.2.1 %3 MDY 5% NotSure IC (H5E
Please classify the text into Positive, Negative, Neutral, or Not Sure based on the following
manual.
Manual:
You classify the sentence in which the target is cited.
If the target is cited in a sentence with a positive meaning, you classify it as Positive.
If the target is cited in a sentence with a negative meaning, you classify it as Negative.
If the target is cited in a sentence with neither Positive nor Negative meaning, you classify it as
Neutral.
When you are unsure how to classify a sentence, you classify it as Not Sure.
The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: { TR & 722 5| FHXCHERD <L}
Text:
{ IR & 72 % SCE (Paragraph) }

D.22 %3 MY S X% Pending IC (55E)
Please classify the text into Positive, Negative, Neutral or Pending based on the following
manual.
Manual:
You classify the sentence in which the target is cited.
Wherever possible, judge the case as 'Pending’.
If the target is cited in a sentence with a definitely positive meaning, you classify it as "Positive’.
If the target is cited in a sentence with a definitely negative meaning, you classify it as *Negative’.
If the target is cited in a sentence with a definitely neutral meaning, you classify it as *Neutral’.
The label of the target literature is Target: onwards, up to a new line.
The thesis is the text after Text:. Just report the classification result.
Target: {HTAIRE 72 5 5|HXHERD Z L)
Text:
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{IHR R & 72 % SCE (Paragraph) }

D23 E3 DY FR%Z Unknown &L, EZDIFRAINIZREHK (5EE)
Please provide a classification of the citation in the text.
Classification target is only one citation.
The label of the target citation is [Target:] onwards, up to a new line. The text is after [Text:].
The criteria for classification are as follows.
There are 3 classes: Positive, Negative and UKN.
The criteria for classification are given below.
Basically, classify them as UKN.
This category also includes the classification result of neutral.
However, if the target citation is presumed to be cited positively or negatively, output the
presumption.
Please, return only the classification results in just one word.
Target: { TR E 722 5| HXXHERD T <L}
Text:
{ IR & 72 % SCE (Paragraph) }

D.2.4 WRFIANMICEHT ZERDH M (RFE
Please only extract statements relating to the target citation.
The target is only one citation.
The label of the target citation is [Target:] onwards, up to a new line. The text is after [Text:].
Please, return only extract statements. Do not include any other text.
Target: {HTHRE 722 5|HXHERD Z <L)
Text:
{ IR & 72 % SCE (Paragraph) }
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