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Abstract This paper presents a new artificial market simulation platform, PAMS: Platform for Artificial Market Simulations.

PAMS is developed as a Python-based simulator that is easily integrated with deep learning and enabling various simulation that

requires easy users’ modification. In this paper, we demonstrate PAMS effectiveness through a study using agents predicting

future prices by deep learning.
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1 | import random

2 | import matplotlib.pyplot as plt

3 | from pams.runners import SequentialRunner
4 | from pams.logs import MarketStepSaver
5 | config = {

6 "simulation": {

7 "markets": ["Market"],

8 "agents": ["FCNAgents"],

9 "sessions": [

10 { "sessionName": O,

11 "iterationSteps": 100,

12 "withOrderPlacement": True,
13 "withOrderExecution": False,
14 "withPrint": True,

15 "hiFrequencySubmitRate": 1.0
16 Ey

17 { "sessionName": 1,

18 "iterationSteps": 500,

19 "withOrderPlacement": True,
20 "withOrderExecution": True,
21 "withPrint": True

22 }

23 ]

214 | 1,

25 "Market": {

26 "class": "Market",

27 "tickSize": 0.00001,

28 "marketPrice": 300.0

29 Ky

30 "FCNAgents": {

31 "class": "FCNAgent",

32 "numAgents": 100,

33 "markets": ["Market"],

34 "assetVolume": 50,

35 "cashAmount": 10000,

36 "fundamentalWeight": {"expon": [1.0]},
37 "chartWeight": {"expon": [0.0]},
38 "noiseWeight": {"expon": [1.0]},
39 "meanReversionTime" :{"uniform":[50,100]},
40 "noiseScale": 0.001,

41 "timeWindowSize": [100, 200],

42 "orderMargin": [0.0, 0.1]

43 }

44 |}

45

46 | saver = MarketStepSaver ()

47

48 | runner = SequentialRunner (

49 settings=config,

50 prng=random.Random (42),

51 logger=saver,

52 1)

53 | runner.main ()
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