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Abstract

The rapid evolution and widespread adoption of generative Al are bringing knowledge
management to a major inflection point. By leveraging generative Al technologies such as
large language models, the longstanding challenges of collecting and utilizing knowledge in
the actual fields (a persistent limitation of conventional knowledge management systems) are
being substantially addressed. Nevertheless, the primary focus of knowledge management
systems currently in practical use remains explicit knowledge, and the application of
generative Al to the management of the vast body of tacit and latent knowledge that
accumulates in the actual fields without being externalized is still in its early stages. While the
United States and China have taken a lead in knowledge management within cyberspace,
there is considerable expectation that Japan can leverage its distinctive strengths in the
management of knowledge accumulated across diverse actual fields, such as factory floors and
other physical workplaces. This article introduces the latest research and domestic case
studies on tacit and latent knowledge management leveraging generative Al, and provides an
overview of current trends in this area. It also presents the Digital Knowledge Twin concept

currently being pursued by the authors, and discusses directions for future research.
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