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Abstract: This paper is an analysis of the characteristics of Japanese institutional repositories from NII’s
IRDB data using PANDAS, a library for data analysis in Python. The data revealed that Japanese in-
stitutional repositories have significant characteristics in their departmental bulletin paper (Kiyou), and

I extracted the characteristic institutions.
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1 df2205_all = df2205i.iloc
[:,17:64]

2 df2205_honbun = df2205i.iloc
[:,75:]

3 df2205_sabun = df2205_all -
df2205_honbun

Program 1
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) departmental bulletin paper: Ao
) Article: FiX
) Book: X3
) Cartographic Material: Hi[X]
) Conference object: =ik
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) Image: £ A —
) Lecture: #H#{#
) Patent: R
0)Report: MEH
1)Sound: HH
2)Thesis: "FFHX
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1 pd.set_option(’display.
float_format’, lambda x: °’
%ho1f2 % %)

2 # MR ALTY DT

3 df2205_all_d.describe ()

*1 https://schema.irdb.nii.ac.jp/ja/resource_type_

vocabulary
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2 df2205_all_dstd = df2205_all_d.
loc[:, stdO]
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2 df2205_all_std = df2205_all_dstd

.apply(lambda x: (x-x.mean

())/x.std(), axis=0)
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4 df2205_all_std.describe () .round
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1 from sklearn.decomposition
import PCA
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3 pca = PCA(Q)
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F 1 df2205_all_d.describe
Table 1 df2205_all_d.describe

Kiyou | Article] Book CartograplionferenceDataset | Image Lecture | Patent Report Sound Thesis Multiple
Mate- object
rial
count 792.0 | 792.0 | 792.0 792.0 792.0 792.0 792.0 792.0 792.0 792.0 792.0 792.0 792.0
mean 2011.5| 249.6 | 78.3 0.0 93.8 112.7 6.1 0.4 0.0 0.0 0.0 217.2 0.0
std 5952.6| 5051.3| 643.6 0.4 1151.1 1948.2 170.3 10.4 0.0 0.0 0.2 1201.0 0.0
min 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0
25% 128.0 | 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0
50% 482.5 | 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0
75% 1517.0| 0.0 2.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 0.0 19.0 0.0
max 123440.0140940,012907.0 | 10.0 25743.0 | 48965.0 | 4792.0 294.0 0.0 0.0 7.0 17369.0 | 0.0
140000 + o
1200004 ©
100000 +
80000 -
60000
O
40000 1
O
20000 - o o o o
8 © i
o & 8 8 & 3 o
T T T T T T T T
N & S &~ - @ & Rl
2 oL o & o 2 & &
o) = P BV P &
‘?{" &U P « N3 <&
G-Q
b
&
&
10 df2205_all_dstd DFFCITRI
#F+ 2 df2205_all_dstd.describe
Table 2 df2205_all_dstd.describe
1Kiyou 2Article 2Book 5Conference object  5Dataset 6Image TLecture 8Thesis
count | 789.000000 789.000000 789.000000 789.000000 789.000000 789.000000 789.000000  789.000000
mean | 1993.239544 249.602028 78.128010 93.576679 112.820025 6.076046 0.372624 218.742712
std 5919.979304 5044.485846 644.070755 1152.428752 1949.766679 170.599642 10.431092 1200.556001
min 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000
25% 129.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000
50% 487.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000 0.000000
75% 1506.000000 0.000000 2.000000 0.000000 0.000000 0.000000 0.000000 20.000000
max 122935.000000  140481.000000 12883.000000  25743.000000 48965.000000  4792.000000 293.000000 17369.000000
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Table 3 df2205_all_dstd.describe

& 3 df2205_all_dstd.describe

1Kiyou 2Article 2Book 5Conference object 5Dataset 6Image 7Lecture 8Thesis
HER ¥ Kiyou’ 122935 1460 940 1147 254 0 0 0
HRETHERE Article’ | 828 140481 12883 0 11 0 0 7572
TR Dataset’ 10557 91 134 2065 48965 0 0 1970
#+ 4 df2205_all_dstd.describe
Table 4 df2205_all_dstd.describe
1Kiyou 2Article 2Book 5Conference object 5Dataset 6Image 7Lecture 8Thesis

count | 789.00 789.00 789.00  789.00 789.00 789.00 789.00 789.00

mean | -0.00 -0.00 0.00 0.00 0.00 0.00 -0.00 0.00

std 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00

min -0.34 -0.05 -0.12 -0.08 -0.06 -0.04 -0.04 -0.18

25% -0.31 -0.05 -0.12 -0.08 -0.06 -0.04 -0.04 -0.18

50% -0.25 -0.05 -0.12 -0.08 -0.06 -0.04 -0.04 -0.18

75% -0.08 -0.05 -0.12 -0.08 -0.06 -0.04 -0.04 -0.17

max 20.43 27.80 19.88 22.26 25.06 28.05 28.05 14.29
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